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Motivation EGTEA EpicKitchens-55
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Observed Time T, Anticipative Time T, Future Action Table 1: EGTEA Gaze+: Model performance for Split=1 at 7, = of-the-art methods on the val set of EK55.
0.5s. — denotes the modalities used for pre-training and fine-tuning.
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Effective contrastive learning requires large
datasets and training in large batches.

Pretraining outperforms single modality training
Action and object info. outperforms by ~5%.

» Task: predicting future actions based on video input and other modalities.
* No limit on observation period.

* Anticipation starts after a gap of 7, seconds.

* Observed actions are not available during inference.

Ablation Studies

EpicKitchens-100

Table 4. EK100: comparison of M-CAT against state-of-the-art , Removal of
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The person pushes the 1 embedding is contrasted with M-CAT (R — R) 301 32 16 327 284 153 234 253 138 N Mo
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Impact of Action Recognition Accuracy Conclusion
[ Classifier J All modalities are introduced
» Observed actions and & = ks - =l » Action and object information is highly useful.
o 4ol objects are introduced as . * Incorporating action/object via text
Feature Anticipation Mode inputs, in text form. i i descriptions is a viable solution, especially
* Trained to predict actions when training an LLM is infeasible.
[ o T TR L S S— J g g Acc_:urate ac_:tlc?n recognition is important for
, action prediction.
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e o @ Containing actions: Containing ObjectS: Action recognition accuracy Action recognition accuracy Action recognition accuracy
Open Door, Take Fridge, container, : oy
Tofu, Take tofu, hand, * Action recognition accuracy needs to be ~70% to

\C-ontainer person... outperform baselines.




